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Motivation

o People express their opinions in blogs.

o Automatically mining and organizing these opinions
IS very useful.

o NLP tools to process and utilize information from
texts are available, BUT:

Most of these systems are targeted for news texts.

and are not as useful for blogs because blogs and
news texts are much different in style and structure.

--=> Adaptation of NLP approaches for news texts to
process blogs is an interesting and challenging task.



Goal

o The first step towards this adaptation is to identify
the differences between news texts and blogs.

o We compared automatically generated summaries
of blog entries VS of news texts.

identified the types of errors that typically occur in
query-based opinionated summary for blog entries,

then categorized these errors according to their
sources,

and compared these errors to news texts summaries.



Background: Characteristics of Blogs

Blogs:

O

O

are online diaries that appear in chronological order.

reflect personal thinking and feelings on all kinds of topics
including day to day activities of bloggers.

Characteristics:

O

O O O O

Subjective in nature.

Written in casual and informal language.

Usually contain unrelated information to the main topic.
May contain spelling and grammatical errors.
Punctuation and capitalization are often missing.



Background: Blog Summarization

TAC 2008 Opinion Summarization:

o In 2008, the Text Analysis Conference (TAC)
introduced a query based opinion summarization
track.

o TAC provided:
22 target topics
For each topic:
o 2 gquestions (on average)
o 9 to 39 relevant blog entries

o optionally, sample answer snippets extracted from the
participating QA systems at the TAC 2008 QA track.



Background: TAC 2008 Opinion
Summarization

e Goal:

For each question, generate a summary from the
specified sets of blog entries about the target that
answers the question.

o Corpus:
Source: subset of Blog06 collection.
Size: 537 blogs of average length of 1888 words.

o Evaluation:
summary's content
o use the pyramid method for scoring [0-1]
summary's linguistic quality
o manual subjective score [0-10]

summary's overall responsiveness score [0-10]
which reflects both content and readability.



Background: TAC 2008 Opinion
Summarization

Topic:

Questions:

Optional snippets:




Background: TAC 2008 Update
Summarization

o TAC provided:
48 target topics

For each topic:

o 1 gquestion

o 20 relevant documents divided into 2 sets:
Document Set A (10 docs)
Document Set B (10 docs)

o Goal:
Generate 2 summaries:
1. one from Set A: a simple query-focused summary.

2. one from Set B: also query-focused but should be
written under the assumption that the reader of the
summary has already read the documents in Set A.



Background: TAC 2008 Update
Summarization

o Corpus:
Source: Subset of AQUAINT-2 collection.
Size: 960 news articles of average length of 505 words.

o Evaluation:
Similar evaluation metrics as of opinion summarization.

o Example:

Topic:  AUSASED!
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Background: News Text summarization
vs. Blog Summarization

o The performance of news summarization systems
are generally better than blog summarizers.

Blog Track, 45 runs from 19 teams
News Track, 71 runs from 33 teams

Genre Pyramid Linguistic Resp. Score
Score Score
Blogs (Average) 0.21 2.13 1.61
News (Average) 0.27 2.33 2.32
Blogs (Best) 0.49 2.26 2.88
News (Best) 0.36 3.25 2.79

Table 1: TAC-2008 summarization results — blogs vs. News.
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Error Analysis

o To identify the errors which typically occur
IN summarization,
We have studied 50 summaries from

participating systems at the TAC 2008 opinion
summarization track.

and compared these to 50 summaries from the
TAC 2008 update summarization tracks.

o Even though there are several differences between
the summarization approaches, these two datasets
are the most comparable datasets for our task.
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Error Types

Summary-Level
Error

Discourse
Incoherency

Content Overlap

Sentence-Level
Error

Topic Irrelevancy

Question Irrelevancy

Intra-Sentence-
Level Error

Irrelevant Information
Missing Information

Syntactic and Lexical
Incorrectness

Figure 1: Types of errors in Automatic Summarization
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Summary-Level Errors

o Discourse Incoherency:
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Summary-Level Errors

o Content Overlap
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Summary-Level Errors

Error Type | Blogs | News
Discourse
0 0
Incoherency 30.44% 10.66%
Content
19.14% 14.66%
Overlap

Table 2: Summary-Level Errors — Blogs vs.News
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Sentence-Level Errors

o Topic Irrelevancy
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Sentence-Level Errors

o Question Irrelevancy
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Sentence-Level Errors

Error Type | Blogs News
Topic
(0) (0)
Irrelevancy 41.67% 5.86%
] R
Question

47.87% 16.67%

Irrelevancy
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Intra-Sentence-Level Errors

o Irrelevant Information
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Intra-Sentence-Level Errors

o Missing Information
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Intra-Sentence-Level Errors

o Syntactic and Lexical Incorrectness
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Intra-Sentence-Level Errors

Error Type Blogs News
Irrelevant

) 30.91% 15.66%
Information

Missing 9.33% 2.33%
Information
Syntactic &

Lexical 18.79% 4.00%

Incorrectness

Figure 4: Intra-Sentence-Level Errors — Blogs vs. News
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Related Work

o Some work (e.g.[Lloyd et al. and Godbole et al.])
handle news text and blog entries but their
application domains are different from ours.

o Somasundaran et al.:

compared their question answering approach for blogs
and news texts on the basis of subjectivity
information.

we compare summaries of both text types on the basis
of typical errors.
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Related Work

o Ku et al.'s work
Most similar to our work

Developed a document based opinion
summarization approach.

Found that blog entries contain more topic
iIrrelevant information compared to news texts.

Also analyzed effects of the size of vocabulary of
the input documents in case of relevance
assessment and polarity identification.

We identified a larger number of errors of
summarization and compared blog summaries with
news text summaries on the basis of these errors.
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Conclusion

O

In general, all types of summary related errors
occur more often in blog summarization than news
texts summarization, however:

Much greater problem for blog summarization than
news texts:

Topic irrelevancy (41.67% vs. 5.86%) and
Question irrelevancy (47.87% vs. 16.67%)

Only slightly more frequent in blog than news
texts:

Content overlap (19.14% vs. 14.66%) and
Missing information (9.33% vs. 2.33%)
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Future Work

o ldentify the sources of these errors:
Input document sets
Summarization systems

o Our findings can be used to prioritize these
error types and give clear indications as to
where we should put effort to improve blog
summarization.
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